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An Overview of Autonomous Driving

RS2G focuses on subject risk assessment.
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Effectively modeling the relations among road users is very important for autonomous vehicle 
to understand the surrounding environment.  
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Data-Driven Scene-Graph vs. Rule-Based Scene-Graph
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RS2G Workflow
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Edge Transformer Encoder
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Data-Driven Scene-Graph Extraction
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Experimental Result
• Subjective Risk Assessment 

• Transfer Learning 

Transfer Learning comparison between (i) the SOTA deep learning 
model, (ii) the SOTA graph learning model with rule-based graph 
extraction, and (iii) RS2G(2D MLP) and RS2G(Transformer)

Comparing experimental result for subjective risk assessment. 
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Ablation Study I: Downstream Component Analysis

Impact of each component of the downstream model. Models are 
trained and evaluated on the 271-dash dataset. We demonstrate the 
impact of different spatial and temporal modules using rule-based 
graph extraction and RS2G (Transformer). 



Ablation Study II: Cosine Relation Similarity
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Thank You! 

Open-sourced code at https://github.com/AICPS/RS2G.git 

https://github.com/AICPS/RS2G.git
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